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Executive SummaryExecutive SummaryExecutive SummaryExecutive Summary    
 

Planning, Research, and Evaluation 

Services (PRES Associates, Inc.) recently 

conducted a two-year (2007-2009) study to 

examine the effectiveness of the 2009 

Pearson enVisionMATH program in helping 

elementary students improve their 

mathematics skills and understanding. While 

overall results from this national randomized 

control trial (RCT) showed that students 

who use the enVisionMATH program 

perform significantly better than students 

using other math programs, its impact on 

minority, English Language Learners 

(ELLs), and economically disadvantaged 

students were inconclusive
 
given the small 

sample of these subgroups that were 

included. Therefore, in order to more closely 

examine the relationship between the 

enVisionMATH program and students in 

these subpopulations, a supplemental study 

was undertaken utilizing state assessment 

data. The purpose of this report is to present 

the results of statistical analyses conducted 

on existing Texas, New York, and Arizona 

state assessment data in order to determine 

whether the enVisionMATH program helps 

minority, ELL, and economically 

disadvantaged elementary school students 

attain important math skills.  

 

Major findings arranged by evaluation 

questions include the following:   

 
Are there significant changes in the 
math performance of subpopulations of 
students who use enVisionMATH over 
time?   
 

Results showed significant growth over 

time after schools began using 

enVisionMATH – from Spring 2008 (pre) to 

Spring 2009 (post) – for all subgroups and 

states with the exception of Arizona. That is, 

with the exception of students in Arizona, 

minority, ELL, and economically 

disadvantaged students exhibited significant 

learning gains from pre (Spring 2008) to 

post-testing (Spring 2009) as measured by 

state assessments. Of note is that while 

Arizona schools in the study sample did not 

exhibit significant learning gains, the 

outcome measure consisted of percent 

proficiency which is not as sensitive to 

change as are scaled scores, which were 

available from New York and Texas. 

  
Learning gains experienced by 

enVisionMATH students were converted to  

percentile ranks based on the average effect 

sizes obtained.  Results by subgroup showed 

that enVisionMATH minority students 

across all states showed a gain of 8 

percentile points (d=.20) from pre- to post-

testing. In addition, ELL students showed 

educationally significant learning gains 

(d=.35) and grew by 13.7 percentiles over 

the course of one year. Across NY and TX, 

economically disadvantaged students also 

showed educationally meaningful learning 

gains (d=.28), growing by 11 percentiles 

over one year. 

 

In addition, analyses were performed to 

examine whether gains were greater during 

the year prior to enVisionMATH use 

(Spring 2007 to Spring 2008) or after 

enVisionMATH use (Spring 2008 to Spring 

2009). Results showed significantly growth 

rates for only economically disadvantaged 

and minority students in the state of Texas. 

Specifically, these students experienced 

accelerated learning gains after their schools 

began implementation of the 

enVisionMATH program as compared to 

before. It should be noted that the results for 

Texas minority and economically 

disadvantaged students are consistent with 

those observed in the two-year randomized 

control trial (RCT) on the enVisionMATH 

program. Specifically, the RCT found that 

math performance growth was significantly 

greater following usage of enVisionMATH 

(in the 2008-09 school year) as compared to 

their math performance during the prior 
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school year (2007-08) when they used 

another math program.  

 
If there are initial achievement gaps 
between subgroups, are there any 
patterns that suggest a lessening of such 
gaps?   
 

While achievement gaps were evident 

between minorities and non-minorities, 

ELLs and non-ELLs, and students who were 

economically disadvantaged and those who 

were not, there was limited evidence that the 

enVisionMATH program helped reduce 

these gaps. Findings from New York and 

Arizona showed that growth among 

enVisionMATH students from pre- to post-

testing was similar between the different 

types of students; that is, students improved 

at similar rates. In Texas, however, non-

economically disadvantaged students and 

non-ELL enVisionMATH students showed a 

higher level of improvement than 

economically disadvantaged students and 

ELLs from pre-testing to post-testing. 

Minorities and non-minorities who used 

enVisionMATH in Texas showed similar 

rates of improvement. 

 
How do patterns of student achievement 
in math among subpopulations of 
students differ across users and non-
users of enVisionMATH?  
 

This set of analyses provides 

information on the relationship between 

enVisionMATH and math performance 

relative to schools that did not use 

enVisionMATH. Results showed four 

positive effects; specifically, ELL students 

in New York and ELLs, minorities, and 

economically disadvantaged 4
th

 grade 

students in Texas who used enVisionMATH 

showed significantly higher levels of math 

performance as compared to students using 

other math programs. In addition, three 

negative findings were obtained; ELLs, 

minorities, and economically disadvantaged 

5
th

 grade students in Texas who used other 

math programs had significantly higher 

math scale scores than enVisionMATH 

students. That is, while 4
th

 graders in Texas 

who had used enVisionMATH during the 

2008-09 school year showed significantly 

more improvement as compared to 4
th
 grade 

students using other math programs, 5
th
 

grade enVisionMATH students in Texas 

during the same school year and in the same 

schools, showed significantly lower 

improvement as compared to 5
th
 graders 

using other math programs.  

 

Effect size is a commonly used measure 

of the efficacy of an intervention (in this 

case, enVisionMATH). Effect sizes were 

calculated for each subgroup and averaged 

across all states. Overall analyses showed no 

educationally meaningful differences 

between enVisionMATH students and 

students using other math programs. Among 

minorities, results showed an overall 

positive but unimportant effect (d=.04). 

Among ELL students, results showed a 

negative but also negligible effect (d=-.03) 

across all states. Finally, among 

economically disadvantaged students, results 

showed virtually no effect (d=.003). In sum, 

these results suggest that enVisionMATH 

students who were minorities, ELLs, and/or 

economically disadvantaged students 

performed just as well as students using 

other math programs. 

 

While the present study showed no 

overall effects of the enVisionMATH 

program on minorities, ELLs, and 

economically disadvantaged students as 

compared to students using other math 

programs, it should be noted that these 

results are not consistent with those obtained 

in the rigorous RCT that was recently 

completed on the enVisionMATH program. 

Results from the RCT indicated that 

elementary students using enVisionMATH 

demonstrated significantly greater 

improvement in math computation, math 
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problem-solving, and math communication 

as compared to students using other math 

programs.  Furthermore, effect sizes 

obtained at the end of the 2-year study 

ranged from .25 to .46. Such effect sizes 

would be considered educationally 

meaningful in the research literature. Thus, 

prior research has shown stronger 

relationships in math performance among 

enVisionMATH students as compared to 

non-enVisionMATH students. That said, the 

present study and the RCT are not only 

methodologically distinct, but also include 

different student populations. Whereas the 

present study focuses on subgroup effects 

(i.e., effects on minorities, ELLs and 

economically disadvantaged students), the 

RCT focused on overall program effects. 

In summary, the results of this study 

using state assessment data provides some 

support for a positive relationship between 

the enVisionMATH program and 

elementary math performance among ELLs, 

minorities, and economically disadvantaged. 

However, stronger (and more conclusive) 

findings on the overall impact of the 

enVisionMATH program have been 

obtained in prior research. 
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Project BackgroundProject BackgroundProject BackgroundProject Background    
 
“Our youngest students perform well on 
international tests, but by the end of 
elementary school, we're losing out. 
Currently, China is graduating over two and 
a half times the number of engineers and 
computer science majors as the United 
States. In today's shrinking world, it's vital 
for both our economy and our national 
security that a new generation of students 
excels in these fields. Most of the jobs of the 
future will require a college degree, and the 
jobs that will help keep America first in the 
world will require math and science skills. 
We have real work to do to get us there.” -- 
(Late) U.S. Senator Edward M. Kennedy 
(2006) 

 

Research from the National Assessment 

of Education Progress (2007) continues to 

show that, while there has been a recent shift 

in educational focus from reading/language 

arts to mathematics, U.S. students continue 

to perform below par. For example, on the 

most recent NAEP assessment, 61% of our 

nation’s 4
th

 graders scored at levels below 

“proficient” in mathematics (2009). 

This is problematic as the establishment of a 

strong foundation of math skills early on is 

critical to students’ future participation in 

higher-level math courses as well as their 

academic success (Griffin, Case & Siegler, 

1994). Indeed, there is evidence that 

children’s performance at the end of 

elementary school is an important predictor 

of their future educational success (National 

Research Council, 2001). 

 

Research suggests that the downward 

spiral initiated by poor academic 

performance can be reversed by utilizing 

research-proven educational programs and 

instructional interventions (Slavin, 1986).  

In particular, effective mathematics 

instruction along with curricula that employ 

research-based strategies can improve upon 

the math skills and knowledge of students 

(Mastropieri & Scruggs, 2004).  

 

The 2009 Pearson enVisionMATH 

program is an elementary math program that 

has shown promise as an effective 

instructional program for elementary school 

students.  Aligned to curriculum focal points 

suggested by the National Council of 

Teachers of Mathematics (NCTM), this 

research-based program aims to provide 

problem-based interactive learning 

opportunities that are enhanced by visual 

learning strategies and create more in-depth 

and real world connections for students. The 

program incorporates a blended approach of 

traditional and investigative learning 

techniques that emphasizes embedded 

assessment and data-driven remediation.   

 

Planning, Research, and Evaluation 

Services (PRES Associates, Inc.)
1
, recently 

conducted a two-year (2007-2009) study to 

examine the effectiveness of the Pearson 

enVisionMATH program in helping 

elementary students improve their 

mathematics skills and understanding. 

Results from this national randomized 

control trial (RCT) showed that students 

who use the enVisionMATH program 

perform significantly better than students 

using other math programs across multiple 

areas of math learning, different assessment 

measures and multiple contexts. However, 

with respect to its impact on minority, 

English Language Learners (ELLs), and 

economically disadvantaged students results 

were inconclusive
2
. Therefore, in order to 

more closely examine the relationship 

between the enVisionMATH program and 

students in these subpopulations, a 

                                                
1
 PRES Associates is an external, independent, educational 

research firm with over 20 years of experience in applied 

educational research and evaluation. 
2
 This is primarily due to the lack of students within these 

subpopulations in the study sample. 
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supplemental study was undertaken utilizing 

state assessment data. 

 

Project Project Project Project OOOOverviewverviewverviewverview    
 

The purpose of this report is to present 

the results of statistical analyses conducted 

on existing Texas, New York, and Arizona
3
 

state assessment data in order to determine 

whether the enVisionMATH program helps 

minority, ELL, and economically 

disadvantaged elementary school students 

attain important math skills. Specifically, the 

analyses are designed to address the 

following key evaluation questions:  

 

1. Are there significant changes in 

the math performance of 

subpopulations of students who 

use enVisionMATH over time?  

If there are initial achievement 

gaps between subgroups, are 

there any patterns that suggest a 

lessening of such gaps?   

 

2. How do patterns of student 

achievement in math among 

subpopulations of students differ 

across users and non-users of 

enVisionMATH?  

 

This report presents descriptive 

information and results of the study. 

Specifically, the remainder of this report 

includes: 1) a description of the design and  

methodology; 2) sample and site 

information, including descriptions of the 

enVisionMATH program; 3) results of the 

study; and 4) conclusions.   

 

 

                                                
3
 These states were selected given their large population of 

minority and ELL students. In addition, given our prior experience 

in working with state assessment data, these states had data readily 

available (or easily obtainable) for each subgroup and had a fairly 

consistent testing program during the years of interest which would 

allow for comparisons to be made over time. 

Design and MethodologyDesign and MethodologyDesign and MethodologyDesign and Methodology    
 
Research Design 
 

A quasi-experimental design was used to 

evaluate the enVisionMATH program 

among minority, ELL, and economically-

disadvantaged student populations in 

elementary schools in the states Arizona, 

New York, and Texas. To address these 

evaluation questions, PRES Associates 

gathered assessment data available from states 

as a result of the No Child Left Behind Act 

(NCLB) of 2001, which requires measurement 

of school performance towards adequate 

yearly progress (AYP)4. As part of this 

legislation, states are required to administer 

math assessments to students in grades 3 to 8 

(and once during high school) and make 

school results available to the public.  

 

Existing state assessment data from the 

respective state departments of education 

were used to evaluate enVisionMATH at 

elementary schools. These departments were 

first contacted to determine what type of 

data was available, for which years, and at 

what level (school or student).  Based on 

this feedback, an analyses plan was 

developed.   
 

Given the variability of state and district 

assessment data available across states5, in 

                                                
4
 Indeed, there are several advantages for researchers to draw upon 

state assessment data. First, it is available, requiring no actual data 

collection – this allows for studies to be undertaken during a 

relatively short time period. Thus, there is no additional testing 

time for students and evaluation costs are generally reduced by 

eliminating the need to purchase and score assessments. Drawing 

upon existing state assessment data as part of a battery of outcome 

measures could also potentially enhance the sensitivity of an 

evaluation. Finally, given the importance being placed on how 

students perform on state assessments, these measures can be 

highly meaningful in the minds of educators and other stakeholders 

associated with an evaluation effort.  
5
 In particular, there is considerable variation across state 

assessments in terms of: a) type, quality and difficulty; b) 

alignment to state standards; c) established proficiency levels or 

cut scores (and the processes used to determine them); d) the types 

of scores produced; e) the comparability of such scores over time 

and cohorts of students; and f) state and local policies for making 
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order to be able to compare data from diverse 

districts located across multiple states, 

researchers converted performance scores into 

effect sizes, a comparable metric which allows 

comparison and aggregation of math 

performance results to be made across 

differing states.  

 

Data for students from schools in 

Arizona, New York and Texas using 

enVisionMATH and matched comparison 

schools were requested or downloaded from 

the each state department of education.  A 

detailed description of the measures and 

samples used follows. 
 

Measures 
 

Table 1 provides information on the tests 

and characteristics of the state assessment 

data that was analyzed. Researchers 

obtained school-level data from New York 

and Arizona. While both states provided 

information on the percent of students that 

were proficient on their respective math 

assessment, New York also provided the 

average math scale score for each school. 

Ranges vary by grade level (3
rd

: 470-770; 

4
th

: 485-800; 5
th
: 495-780).  

 

Researchers also obtained student-level 

data from the Texas Education Agency. The 

TAKS math scale score was obtained for 

each student. This is a derived score which 

takes into account the difficulty level of the 

items within the test and allows direct 

comparisons of student performance 

between administrations. Of note is that the 

TAKS scale score from 2007-2009 is 

horizontally-scaled with a range of 1000-

3200. In 2010, a new vertical scale score 

was used; however, this score is not equated 

to the prior TAKS scale score and therefore, 

growth analyses using the 2010 data was not 

possible.

                                                                       
such data available to outside research agencies (Chudowsky & 

Chudowsky, 2007). 
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Table 1. State Assessment Information

State 
State 

Assessment 
Content 
Standards 

Math Standards 
Test item 
types 

Data/Sample available 
Score 

Information 

Performance Levels (Note: 
The descriptions are specific to 

grade/subject) 

NY New York State 
Testing Program 
(NYSTP) 

New York State 
Learning 
standards-based 

 

 
� Number sense 
� Measurement 
� Data Analysis 
� Algebra  
� Geometry 

� Multiple 
Choice 

� Constructed 
Response 

School level performance data for 
Spring 2007, 2008, & 2009 for 
grades 3-5 and subpopulations: 
White and minorities (American 
Indian or Alaska Native, Black or 
African American, Hispanic or 
Latino, Asian or Pacific Islander), 
Limited English Proficient, 
Economically Disadvantaged 

% who scored 
at each 
proficiency level 
and avg. math 
scale score 
(horizontally-
scaled) 

Level I (Not meeting learning 
standards) 
Level II (Partially meeting 
learning standards) 
Level III (Meeting learning 
standards) 
Level IV (Meeting learning 
standards with distinction) 

AZ 

Arizona 
Instrument to 
Measure 
Standards 
(AIMS) 

Arizona Academic 
Content Standards 

� Number and operations 
� Data Analysis, 
Probability, and Discrete 
Mathematics 

� Patterns, Algebra, and 
Functions 

� Geometry and 
Measurement 

� Structure and Logic 

� Multiple 
Choice 

School level performance data for 
Spring 2007, 2008, & 2009 for 
grades 3-5 and subpopulations: 
White and minorities (American 
Indian or Alaska Native, Black or 
African American, Hispanic or 
Latino, Asian or Pacific Islander), 
and Limited English Proficient 

% who scored 
at each 
proficiency level 
(scale scores 
were not 
available) 

Falls Far Below the 
Standard 
Approaches the Standard  
Meets the Standard  
Exceeds the Standard 

TX 

Texas 
Assessment of 
Knowledge and 
Skills (TAKS) 

Texas Essential 
Knowledge and 
Skills (TEKS) 

� Numbers, operations, & 
quantitative reasoning 

� Patterns, relationships, 
and algebraic reasoning 

� Geometry & Spatial 
reasoning 

� Concepts and uses of 
measurement 

� Probability & Statistics 
� Mathematical processes 
and tools  

� Multiple-
choice 

Student level math scale score and 
proficiency levels for 3rd to 5th 
graders (two cohorts: 2007-2009 
and 2008-2010). Subpopulations: 
White and minorities (American 
Indian or Alaska Native, Black or 
African American, Hispanic or 
Latino, Asian or Pacific Islander), 
Limited English Proficient, 
Economically Disadvantaged 
 

Horizontally-
scaled scores 
and whether or 
not student met 
proficiency cut 
off 

Analyses were conducted on 
the scale scores. However, 
students are classified 
according to the following 
performance levels:  
 
� Met Standard (=>2100  

scale score across all 
grades from 2005-2009) 

� Commended Performance 
(=>2400  scale score 
across all grades from 
2005-2009) 
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Samples 

Elementary schools using the 

enVisionMATH program in 3
rd

 through 5
th

 

grades since the 2008-09 school year were 

selected for inclusion in this study (n=67
6
).  

Control sites
7
 (n=67) were selected based on 

propensity scoring and matching methods.  

This is described in more detail in Appendix 

A.  This procedure matched each 

enVisionMATH school with the closest non-

enVisionMATH site based on the following 

school-level characteristics: 

� Enrollment  

� Percent economically disadvantaged
8 
 

� Percent ELL
8
 

� Percent White 

� Percent Hispanic 

� Percent Black 

� Percent Native American 

� Percent Asian/Pacific Islander 

As shown in Appendix A, the propensity 

matching procedure resulted in schools that 

were very similar with respect to the 

aforementioned demographic characteristics. 

Indeed, there were only two significant 

differences observed between schools within 

each state. In NY, the percent of White 

students differed between groups and in AZ, 

the percent of Native American students 

differed. However, among all other 

racial/ethnic categories, there were no 

significant differences observed. What 

follows is a more detailed description of 

each of the state’s samples. 

                                                
6
 Note that only schools confirmed to be enVisionMATH users 

through contact with the school by an independent call center were 

included in this study. These schools had to have used the program 

in 75% or more of their math classes.   
7
 Similarly, only schools confirmed to be non-enVisionMATH 

users by an independent call center, during the years of interest 

(2007-2010) were included in this study. 
8
 This was not available for AZ. 

TEXAS 

 

Two cohorts of data were available. 

Cohorts A (2007 to 2009) and B (2008 to 

2010) had three years of longitudinal data 

available to examine student level change at 

the elementary level (i.e., grades 3 to 5). In 

other words, this sample consists of 

elementary students who were either in the 

3
rd

 grade in the 2007-08 school year (Cohort 

A) or 2006-07 school year (Cohort B) and in 

an enVisionMATH or control school.  Data 

was also obtained for these same students 

when they were in the 4
th
 (2008-09 for 

Cohort A or 2007-08 for Cohort B) and 5
th
 

grades (2009-10
9
 for Cohort A or 2008-09 

for Cohort B).  Table 2 displays the data 

collection timeline for this sample and total 

sample sizes. As previously noted, analyses 

on the comparability of the enVisionMATH 

and control sites at the school-level showed 

no significant differences among any of the 

measured demographic characteristics, p>.05.   

 

Table 2. TAKS-Sample A & B Cohorts (Sample 
Size) 

G
ro

u
p

 

G
ra

d
e
 

 

0
6
-0

7
 

0
7
-0

8
 

0
8
-0

9
 

0
9
-1

0
 

enVision
MATH 

(schools
= 15) 

3 
B 

(1226) 
A 

(1206) 
  

4  
B 

(1273) 
A 

(1307) 
 

5   
B 

(1350) 
A 

(1394) 

Non-
enVision

MATH 
(schools

= 15) 

3 
B 

(1305) 
A 

(1302) 
  

4  
B 

(1357) 
A 

(1371) 
 

5   
B 

(1462) 
A 

(1493) 

                                                
9
 While data was obtained for the Spring 2010 test administration 

for TX as a result of changes to their testing program, these data 

were not comparable to prior year data. 
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Table 3 shows the number of students 

within each of the subpopulations for each 

cohort. As previously noted, there were no 

significant differences observed between 

enVisionMATH and non-enVisionMATH 

schools in the percent of students within 

each of the subpopulations. 

 

Table 3. Student Level Counts by Subgroup: 
Texas 

 Group 
Cohort 

A 

Cohort 

B 

White 
Control 135 125 

enV 46 50 

Minority 

Control 1167 1180 

enV 1214 1176 

ELL 

Control 685 685 

enV 710 613 

Economically 

Disadvantaged 

Control 1075 1057 

enV 1028 972 

 

 
NEW YORK 

 

School-level data on the percent of 

students proficient on the NYSTP math 

assessment and average math scale score 

were obtained for all selected 

enVisionMATH and non-enVisionMATH 

New York elementary schools between the 

2006-07 and 2008-09 school years from the 

state’s website. The Spring 2010 assessment 

data was unavailable at the time of the 

writing of this report. Table 4 displays the 

average site characteristics for schools 

included in the study for 2007-2008
10

.  As 

previously noted, results of the 

comparability of the enVisionMATH and 

control sites showed that the schools were 

equivalent on all the noted demographic 

variables, with the exception of the percent 

of White students. That said, there were no 

significant differences observed between 

                                                
10

 This is the baseline year (prior to enVisionMATH use). 

groups within the remaining ethnic/racial 

groups. 

 

Table 4. School Level Characteristics by Group: 
New York 

 Group N Mean 

Enrollment 
Control 26 526.77 

enV 26 500.85 

Percent White 
Control 26 38.73* 

enV 26 57.42* 

Percent ELL 
Control 26 9.12 

enV 26 6.31 

Percent 

Economically 

Disadvantaged 

Control 26 49.27 

enV 26 49.65 

Percent African 

American 

Control 26 26.92 

enV 26 19.58 

Percent Hispanic 
Control 26 25.50 

enV 26 15.31 

Percent  Native 

American 

Control 26 0.31 

enV 26 0.54 

Percent 

Asian/Pacific 

Islander 

Control 26 8.19 

enV 26 6.85 

*Significantly different at p<.05 level. 

 
ARIZONA 

 

School-level data was also obtained for 

all selected enVisionMATH and non- 

enVisionMATH Arizona elementary schools 

between the 2006-07 and 2008-09 school 

years from the Arizona Department of 

Education. The percent of students 

proficient at selected schools was provided 

for each of the subgroups that had at least 10 

students tested
11

. School-wide demographic 

percentages for the 2007-08 school year are 

presented in Table 5. As previously noted, 

results of the comparability of the 

                                                
11

 This means that there is missing data for those subpopulations 

that did not have sufficient numbers of students tested for each 

school year. 
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enVisionMATH and control sites showed 

that the schools were equivalent on all the 

noted racial/ethnic categories, with the 

exception of the percent of Native American 

students. However, there were no significant 

differences observed between groups within 

the remaining ethnic/racial groups. In 

addition, it should be noted that while data 

was obtained on the school-wide 

performance of ELL students, the sample 

contained only 10 schools that had a 

sufficient number of ELL students tested (10 

or above). Therefore, analyses for the AZ 

sample of ELL students is limited to a 

smaller sample size.  

 

Table 5. School Level Characteristics by Group: 
Arizona 

 Group N Mean 

Percent White Control 26 60.79 

enV 26 64.41 

Percent African 

American 

Control 26 2.94 

enV 26 3.79 

Percent Hispanic Control 26 31.63 

enV 26 27.57 

Percent  Native 

American 

Control 26 1.42* 

enV 26 0.67* 

Percent 

Asian/Pacific 

Islander 

Control 26 2.15 

enV 26 2.83 

Percent ELL** Control 26 16.46 

enV 26 37.99 

*Significantly different at p<.05 level. 

**School-wide percentages were not available for this subgroup. 

This calculation is based on the number of ELL students in grades 

3-5 tested over the total number of students tested in grades 3-5. 

 

Curricula 
 

Prior to discussing the varying curricula 

used by participating schools, it is important 

to note that teachers are all generally 

teaching similar math concepts and, due to 

state and local curricular guidelines which 

are typically aligned to state assessments, 

tend to cover similar content (e.g., addition, 

fractions, division, etc.).  Thus, there are 

similarities in content covered between 

treatment and control programs. That said, 

the focus of this study was to examine the 

effects of an entire core curriculum 

(enVisionMATH) and as such, it must be 

compared to other core curricula that teach 

the same content area. 
 

2009 ENVISIONMATH PROGRAM 

 

The 2009 enVisionMATH program is a 

research-based instructional model designed 

to make mathematics more accessible to a 

wide range of students. Through interactive 

learning and problem-based activities, 

students are able to build their own 

understanding of concepts and skills before 

the formal representation of ideas occurs. 

Visual representations drive concept and 

skill development and each lesson contains a 

student “visual learning band” which 

incorporates a dynamic presentation of the 

objective and essential understanding of the 

lesson. Timely, frequent assessments assist 

teachers in individualizing instruction, 

which is supported by the large range of 

differentiated instructional resources 

provided to teachers. Center Activities 

reinforce, deepen and extend learning.  

 

The enVisionMATH program is 

organized into 20 individual content topics, 

rather than longer, broader chapters. Each 

topic contains four to nine lessons and 

develops one or a few related content 

standards in depth. enVisionMATH was 

developed so that all of the lessons in the 

program could be taught prior to the end of 

year state/district testing. 

To accomplish the goals of the 

enVisionMATH program, resources were 

carefully designed to meet the needs of all 

students.  Some of the ancillary materials 

included with the program include: 
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� Interactive Homework Workbook 

� Interactive Math Series Big Book         
(K – 2) 

� Math Diagnosis and Intervention System 

� Individual Student Manipulative Kits 

� Teacher Overhead Manipulative Kits 
� Center Activities Kits 

� Visual Learning Bridge Transparencies 

� MathStart readers by Stuart Murphy    
(K – 2) 

� World Scape readers (3 – 6) 

� ExamView 

� ETools 

CONTROL SITE CURRICULA 

 

A total of eleven distinct math curricula 

were employed by control schools. This 

includes district-specific curricula. 

Approximately 89.6% of control schools 

used a core basal math curriculum.  These 

curricula typically consist of a chapter-based  

approach to math instruction. Approximately 

4.5% of schools use an investigative 

approach with an emphasis on making 

connections among various mathematical 

topics and between mathematics and 

problems in other disciplines.  The remaining 

6.0% used a combination of basal and 

investigative approaches or other printed 

material (non-textbook based). 

 

 

ResultsResultsResultsResults    
 

Are there significant changes in the 
math performance of subpopulations 
of students who use enVisionMATH 
over time? If there are initial 
achievement gaps between 
subgroups, are there any patterns 
that suggest a lessening of such 
gaps?   

 

To examine the extent to which students 

experienced learning gains while using the 

enVisionMATH program, repeated 

measures ANOVA and paired sample t-tests 

were performed
12

. Of note is that in order to 

improve upon the statistical precision of 

analyses, with the exception of Texas data, 

analyses were conducted across all 

elementary grade levels 3-5. Since the Texas 

data consists of longitudinal data following 

individual students over time, analyses were 

not aggregated. In addition, data on 

economically disadvantaged students was 

unavailable from Arizona. 

 

In order to obtain an average measure of 

growth across the disparate state datasets, 

effect sizes (d) were computed for each of 

the gains observed among the subgroups 

within each state. This effect size was then 

averaged across all states. An effect size, 

which is a measure of the relative 

importance of a result, allows for 
comparisons and aggregation of math results 

to be made across differing states. To facilitate 

communication of results, the effect sizes13 

were converted to percentile ranks.  

 

Results showed significant growth over 

the period in which schools used  

enVisionMATH (Spring 2008 to Spring 

2009) for all subgroups and states with the 

                                                
12

 Details on the statistical analyses performed are provided 

Appendix B. 
13

 Obtained effect sizes are provided in Appendix B. 
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exception of Arizona, p<.05. That is, other 

than students in Arizona, minority, ELL, and 

economically disadvantaged students 

exhibited significant learning gains from pre 

(Spring 2008) to post-testing (Spring 2009) 

as measured by state assessments. Of note is 

that while Arizona schools in the study 

sample did not exhibit significant learning 

gains, the outcome measure consisted of 

percent proficiency which is not as sensitive 

to change as are scaled scores, which were 

available for New York and Texas.  

 

The following figures display the results 

as percentile ranks. Through conversion of 

results to effect sizes, math pre-test 

performance is set to the 50
th
 percentile 

across all states. The post-test percentile 

represents their ranking in Spring 2009, 

when they had used enVisionMATH for 

approximately 80% of the school year
14

. 

Thus, growth is underestimated in these 

analyses as schools began using the 

enVisionMATH program in the 2008-09 

school year. Nevertheless, these analyses 

demonstrate that students made significant 

learning gains. 

 

                                                
14

 State testing has historically occurred in April-May in these 

states, or approximately 2 months prior to the end of the school 

year. 

Figure 1.  enVisionMATH Students’ Math 
Percentile Rankings at Pre and Post-testings: 
Minorities 

 
� enVisionMATH minority students showed 

growth over time as measured by state 

assessment data.  Across all states, students 

showed a gain of 8 percentile points 

(d=.20). Minority students in Texas showed 

the highest gains at 12.4 percentiles points 

and Arizona minority students showed the 

smallest gains at 2.4 percentiles. 

 

Figure 2.  enVisionMATH Students’ Math 
Percentile Rankings at Pre and Post-testings: 
ELLs 

 
� Across all states, English language learners 

showed educationally significant
15

 learning 

gains (d=.35) and grew by 13.7 percentiles 

over the course of one year. In addition, 

ELL students in New York showed the 

greatest gains at 21.2 percentiles and Texas 

ELL students showed the lowest, though still 

                                                
T
This exceeds the 0.25 value that Slavin (1986), a leader in 

educational research, and the What Works Clearinghouse notes as 

being educationally significant.   
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statistically significant gains, at 16.3 

percentiles. 

 

Figure 3.  enVisionMATH Students’ Math 
Percentile Rankings at Pre and Post-testings: 
Economically Disadvantaged 

 
� Across NY and TX, economically 

disadvantaged students showed 

educationally meaningful learning gains 

(d=.28), growing by 11 percentiles over one 

year. The greatest growth was observed 

among economically disadvantaged students 

in New York who grew by 14.8 percentiles. 

 

 

Minority, ELL, and economically 
disadvantaged students’  in schools  
using the enVisionMATH program 
showed significant improvement in  
math as measured by their state 

assessments.  Examination by states 
showed significant growth among all 

subgroups with the exception of 
minority and ELL students in 

Arizona.  

 

 

In addition, analyses were performed to 

examine whether gains were greater during 

the year prior to enVisionMATH use 

(Spring 2007 to Spring 2008) or after 

enVisionMATH use (Spring 2008 to Spring 

2009). Results showed significantly 

different growth rates for only economically 

disadvantaged and minority students in the 

state of Texas, p<.05. Specifically, these 

students experienced greater learning gains 

after their schools began implementation of 

the enVisionMATH program as compared to 

before. In contrast, ELLs and minorities in 

Arizona and New York did not demonstrate 

greater learning gains following usage of 

enVisionMATH. It should be noted that the 

results for Texas minority and economically 

disadvantaged students are consistent with 

those observed in the two-year randomized 

control trial (RCT) on the enVisionMATH 

program. Specifically, the RCT found that 

math performance growth was significantly 

greater following usage of enVisionMATH 

(in the 2008-09 school year) as compared to 

their math performance during the prior 

school year (2007-08) when they used 

another math program.  
 

The following figures display the gains 

in percentile rankings displayed by students 

within the various subgroups following 

school use of enVisionMATH. That is, they 

represent the difference between their 

performance prior to enVisionMATH 

(growth from 2007 to 2008) and following 

use of enVisionMATH (growth from 2008 

to 2009).  

 

Figure 4.  Difference between Performance Prior 
to enVisionMATH and After enVisionMATH: 
Minorities 

 
� Across all states, minority students grew by 

5 more percentiles following usage of 

enVisionMATH as compared to before. With 

the exception of Texas, differences were not 

statistically significant.  



 

Prepared by PRES Associates – An Independent Evaluation Company      18 

Figure 5.  Difference between Performance Prior 
to enVisionMATH and After enVisionMATH: ELLs 

  
� While ELL students made significant 

learning gains following implementation of 

enVisionMATH,  there was no difference in 

their learning gains before and after usage 

of enVisionMATH. That is, they learned at 

the same level before and after their 

schools used enVisionMATH. 
 

Figure 6.  Difference between Performance Prior 
to enVisionMATH and After enVisionMATH: 
Economically Disadvantaged 

 
� Economically disadvantaged students grew 

by 2 more percentiles following usage of 

enVisionMATH as compared to before 

across all states. With the exception of 

Texas, differences were not statistically 

significant.  
 

 

Minority and economically 
disadvantaged students in  Texas 

schools showed accelerated learning 
gains following implementation of 

the enVisionMATH program in their  
schools. Among the remaining states 
and ELLs, there were no differences 
observed.  That is , students showed 
the same amount of learning gains 

before and after usage of 
enVisionMATH. It should be noted 
that the results observed in Texas 
are consistent with those observed 

in the two-year RCT on the 
enVisionMATH program. Students in 
that study also showed accelerated 

learning gains following use of 
enVisionMATH as compared to the 
prior school year when they used 

another math program.    

 

RESULTS BY STATE 

New York 

 

Results from the state of New York 

showed that enVisionMATH students in all 

subgroups significantly improved from pre- 

(Spring 2007 and 2008) to post-testing 

(Spring 2009) as measured by the state 

assessment, NYSTP. That is, minorities and 

non-minorities, ELLs and non-ELLs, and 

economically disadvantaged students and 

those not disadvantaged all showed 

significant learning gains, p<.05. In addition, 

there were no interactions between 

subgroups and growth. This means that the 

level of growth was similar between the 

different types of enVisionMATH students. 

Analyses designed to examine whether gains 

were greater during the year prior to 

enVisionMATH use (Spring 2007 to Spring 

2008) or after enVisionMATH use (Spring 

2008 to Spring 2009) also showed no 

significant differences. That is, similar 

learning gains were observed prior to usage 

of enVisionMATH (2007 to 2008) as 
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compared to after (2008 to 2009) among all 

subgroups of students. 

 

Figures 7-10 display results for the state 

of New York. Of note is that while analyses 

were performed on the math scale score, the 

percent of students who were proficient are 

also displayed in parenthesis. Since 

proficiency level varies by grade level and is 

based on scale score cut scores, they will not 

demonstrate the same amount of growth as 

that shown by the scale score.  

 

Figure 7.  New York Math Performance from Pre- 
to Post-testing: Minorities  

 

� Minority enVisionMATH students in 

New York demonstrated the same level 

of significant growth from pre- (2008) to 

post-testing (2009) as compared to non-

minorities. Similar learning gains were 

also observed among minorities prior to 

usage of enVisionMATH (2007 to 2008). 
 

Figure 8.  New York Math Performance from Pre- 
to Post-testing by Ethnicity 

 
� Analysis by ethnic/racial group showed 

that significant growth in math 

performance was observed for 

Hispanics, African Americans, and 

Whites following exposure to 

enVisionMATH (between Spring 2008 

and Spring 2009).  

 

Figure 9.  New York Math Performance from Pre- 
to Post-testing: ELLs 

 
� ELL and non-ELL students who used 

enVisionMATH showed significant gains 

from pre- (2008) to post-testing (2009). 

Similar learning gains among ELLs 

were also observed prior to usage of 

enVisionMATH (2007 to 2008).  
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Figure 10.  New York Math Performance from Pre- 
to Post-testing: Economically Disadvantaged 

 
� Economically disadvantaged and non-

economically disadvantaged students 

both showed significant improvement in 

math from pre- (2008) to post-testing 

(2009). Among economically 

disadvantaged students, learning gains 

observed following use of 

enVisionMATH (2008-2009) were also 

similar to growth  prior to usage of 

enVisionMATH (2007 to 2008). 

 

Analysis of data from the state of 
New York showed that  the 

enVisionMATH program worked just  
as well with minorities and non-

minorities, ELLs and non-ELLs, and 
economically disadvantaged students 

and those not.  

 

Texas 

 

As previously noted, two cohorts of 

student-level data were obtained from the 

state of Texas. Sample A consisted of 

students in 3
rd

 grade in 2008 who were 

followed into the 5
th
 grade in 2010. 

Unfortunately, 2010 coincided with a 

change in scale score measurement which 

was not equated to prior scale scores. As 

such, analysis of sample A only included 

data from 2008 (when students were in 3
rd

 

grade prior to using enVisionMATH) and in 

2009 (when students were in 4
th
 grade and 

had used enVisionMATH during the school 

year). Sample B consisted of students in 3
rd

 

grade in 2007 who were followed into the 

5
th
 grade in 2009. Thus, this group of 

students were exposed to enVisionMATH 

when they were 5
th
 graders.  

 

Results based on math scale scores 

showed consistent findings between both 

cohorts. Specifically, minority, ELL and 

economically disadvantaged students all 

showed significant growth in math 

performance from pre- (2008) to post-testing 

(2009), p<.05. In addition, there were two 

significant interactions between time and 

subgroups. Specifically, non-economically 

disadvantaged students and non-ELL 

students showed a higher level of 

improvement than their counterparts from 

pre- (2008) to post-testing (2009). In 

contrast, non-minorities and minorities 

showed the same levels of gains from pre- to 

post-testing.  

 

In addition, analyses of differences in 

patterns of achievement before and after 

schools began implementation of the 

enVisionMATH program showed that the 

learning gains observed for minority and 

economically disadvantaged students in 

Sample B
16

 during the period when they 

used enVisionMATH (2008-09) was 

significantly greater than the learning gains 

students experienced before they were 

exposed to enVisionMATH (2007-08).  

 

Figures 11-14 display the average math 

scale scores over time for Sample B. Since 

results were consistent for Sample A and to 

ease in the presentation of findings, results 

for Sample A are excluded from these 

graphs but are available in Appendix B. In 

                                                
16

 Analysis of differences in trends in math performance was 

possible only with Sample B as three years of data were available 

for analyses.  
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addition to the scale scores, the percent of 

students proficient during each year are also 

presented. It should be reiterated, however, 

that as a distinct measure based on cut 

scores, proficiency levels may not equate 

with scale score growth. That is, while 

findings showed significant growth in scale 

scores, the percent of proficient students 

may have declined. This is due to variability 

that occurs around a cut score which 

indicates which students are proficient or 

not. 

 

Figure 11.  Texas Math Performance from Pre- to 
Post-testing: Minorities  

 

� Minorities and non-minority students 

both showed significant and similar 

levels of improvement in math from pre- 

(2008) to post-testing (2009). In 

addition, the amount of growth following 

usage of enVisionMATH (from 2008 to 

2009) was significantly greater among 

minorities than the amount of growth 

that occurred before their use of 

enVisionMATH (from 2007 to 2008). 
 

Figure 12.  Texas Math Performance from Pre- to 
Post-testing by Ethnicity 

 
� Analysis by ethnic/racial group showed 

that significant growth in math 

performance was observed for 

Hispanics, African Americans, and 

Whites between Spring 2008 and Spring 

2009.  

 

Figure 13.  Texas Math Performance from Pre- to 
Post-testing: ELLs 

 
� While both ELL and non-ELL students 

showed significant growth, non-ELL 

enVisionMATH students in Texas 

demonstrated greater growth from pre- 

(2008) to post-testing (2009) as 

compared to ELLs. Similar learning 

gains were also observed prior to usage 

of enVisionMATH (2007 to 2008) among 

ELL students. 
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Figure 14.  Texas Math Performance from Pre- to 
Post-testing: Economically Disadvantaged 

 
� While economically-disadvantaged 

students and non-disadvantaged students 

showed significant growth, non-

economically disadvantaged 

enVisionMATH students in Texas 

demonstrated greater growth from pre- 

(2008) to post-testing (2009) as 

compared to economically 

disadvantaged students. That said, 

economically disadvantaged students 

demonstrated accelerated learning gains 

following usage of enVisionMATH (from 

2008 to 2009) as compared to the 

amount of growth that occurred before 

their use of enVisionMATH (from 2007 

to 2008). 

 

The Texas sample showed that 
minorities and non-minorities,  ELLs 

and non-ELLs, and economically 
disadvantaged students and those 

not disadvantaged all demonstrated 
significant growth over time.  

However,  di fferential learning gains 
were also observed such that non-

economically disadvantaged students 
and non-ELL students showed a 

higher level  of  improvement than 
their counterparts from pre- (2008) 
to post-testing (2008).  In addition,  

there were accelerated learning 
gains observed among economically 

disadvantaged students and 
minorities following their  usage of 
enVisionMATH as compared to the 
year prior when they used another 

math program.  

 

Arizona 

 

As previously noted, proficiency levels 

were provided by the state of Arizona. 

Proficiency levels are less sensitive to the 

measurement of change as compared to 

scale scores. In addition, data was only 

available if more than 9 students within a 

subgroup were tested at each school. Thus, 

there was more missing data from Arizona 

as compared to the other states in this study. 

With these caveats in mind, Figures 15-16 

presents the findings obtained from Arizona. 

Of note is that due to the more limited 

sample, analyses for each ethnic category is 

excluded. 

 

Results showed no significant changes in 

the percent of students who were proficient 

from pre- (2008) to post-testing (2009) 

among minorities and ELLs, p>.05, nor 

significant interactions between time and 

subgroup. That said, and while not 

statistically significant, it is interesting to 

note that while there was a decline in 
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performance among minorities and ELLs in 

the year prior to implementation of 

enVisionMATH, there was an increase in 

performance among this group of students 

following usage of enVisionMATH.  
 

Figure 15.  Arizona Math Performance from Pre- to 
Post-testing: Minorities  

 

� Minorities and non-minority students did 

not show significant improvement in the 

percent of students proficient in math 

from pre- (2008) to post-testing (2009).  
 

Figure 16.  Arizona Math Performance from Pre- to 
Post-testing: ELLs 

 
� There were no significant increases in 

the percent of students proficient in math 

from pre- (2008) to post-testing (2009) 

among both ELLs and non-ELLs.  

 

Among the schools in Arizona, 
minorities and ELLs did not show 
significant gains in  the percent of 

students proficient in  math.  

 

How do patterns of student 
achievement in math among 
subpopulations of students differ 
across users and non-users of 
enVisionMATH?  
 

This set of analyses provides 

information on the relationship between 

enVisionMATH and math performance 

relative to schools that did not use 

enVisionMATH.  In order to address this 

question, hierarchical linear modeling 

(HLM) analyses were performed. The use of 

multilevel models also allowed researchers 

to account for statistical issues that can 

influence the validity of the results (i.e., 

dependency, missing data, etc.) and to 

equate the groups on important variables 

(i.e., pretest).  Schools were coded based on 

whether they were a non-enVisionMATH 

school (0) or whether they used 

enVisionMATH at the time of testing (1).  

Of interest in these analyses was whether or 

not this variable predicted differences in 

performance in 2009 after controlling for 

pre-test (2008) performance among the 

subgroups of students (minorities, ELLs and 

economically disadvantaged students).  Of 

note is that separate analyses were 

performed for each of the two Texas cohorts 

(4
th
 graders in 2008 followed into 5

th
 grade 

in 2009 and 3
rd

 graders in 2008 followed 

into 4
th
 grade in 2009). Since results were 

not consistent, both are presented below. In 

addition, details on individual state analyses 

are described beginning on page 26. 

 

Results showed that there seven 

statistically significant differences at the 

0.05 level out of the eleven comparisons 

conducted
17

. Specifically, positive results in 

favor of enVisionMATH were obtained for 

ELLs in New York, and ELLs, minorities, 

                                                
17

 It should be noted that differences on state testing measures at 

baseline (2008) were  included in all models.  The reader is 

referred to Appendix B for detailed statistics on the state 

assessment data. 
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and economically disadvantaged students in 

Texas who were in 4
th
 grade. In contrast, 

negative findings were obtained for ELLs, 

minorities, and economically disadvantaged 

students in Texas who were in 5
th
 grade. 

That is, while 4
th

 graders in Texas who had 

used enVisionMATH during the 2008-09 

school year showed significantly higher 

levels of math performance as compared to 

4
th

 grade students using other math 

programs, 5
th
 graders in Texas during the 

same school year and in the same schools, 

showed significantly lower improvement as 

compared to 5
th
 graders using other math 

programs.  

 

As previously noted, effect size is a 

commonly used measure of the efficacy of 

an intervention (in this case, 

enVisionMATH). Effect sizes in the context 

of this study have descriptive worth and 

provide insight into the effectiveness of the 

curriculum across state testing outcomes at 

each state. Given the context of this research 

and to understand the overall effect across 

multiple state assessments, the effect size for 

all findings (including non-significant 

results) were calculated for each subgroup 

and are presented in Table 6. As expected 

given that students had used the program for 

less than one school year, effect sizes were 

very small. Among the effect sizes obtained 

from the individual state assessments, 7 of 

the 11 (64%) effect sizes obtained are 

positive, indicating that enVisionMATH 

students performed better on state 

assessments, while the remaining 4 were 

negative. Among minorities in particular, 

results showed an overall positive but 

unimportant effect. Among ELL students, 

results showed a negative but also negligible 

effect across all states. Finally, among 

economically disadvantaged students, results 

showed virtually no effect. Taken together, 

these results suggest that enVisionMATH 

students who were minorities, ELLs, and/or 

economically disadvantaged performed just 

as well as students using other math 

programs.  

 

Table 6. Effect Sizes
18

 for Differences on State 
Assessments 

 

In order to better understand the effects 

observed as a result of exposure to 

enVisionMATH, effect sizes were translated 

to percentile ranks which demonstrate the 

ranking of treatment students relative to 

control students. That is, the percent of 

treatment students that can be expected to be 

above or below the average of the control 

group (see blue part of bar in Figures 17-

19).  As shown, the overall average across 

all states shows that the percentile ranking 

of enVisionMATH minority, ELL, and 

economically disadvantaged students 

relative to control students in these 

subgroups was close to the 50
th
 percentile. 

This means that both groups performed 

similarly. Examination by each state, 

however, shows that different patterns 

emerged (e.g., the discrepancy among Texas 

students). This demonstrates the importance 

of  replicating studies across multiple sites 

and using multiple measures as 

discrepancies can arise depending on 

context. Moreover, through the use of meta-

analytical techniques whereby the results 

from multiple studies, locations, samples, 

etc. can be combined, an estimate of the 

                                                
18

 The effect sizes for each state consist of Hedge’s g. For meta-

analysis in which the average effect size is determined, researchers 

included a correction as outlined in Hedge’s and Olkin (1985), see 

Appendix B. 

State 
Assessment 

Minority 
Effect 
Size 

ELL 
Effect 
Size 

Eco. Dis. 
Effect 
Size 

NYSTP: NY 0.62 0.27 0.34 

TAKS: TX 4
th
 

graders 
0.11 0.15 0.11 

TAKS: TX 5
th
 

graders 
-0.12 -0.26 -0.14 

AIMS: AZ -0.38 0.09 NA 

Overall Fixed 

Effects 
.04 -.03 .003 
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average effect can be obtained. In the case 

of the present study, the overall effect 

suggests that enVisionMATH and control 

minority, ELL, and economically 

disadvantaged students showed similar math 

performance.  

 

Of note is that these findings are in 

contrast to those obtained via the RCT on 

the enVisionMATH program. Although the 

effects on statewide assessments in the RCT 

were not statistically significant, the 

majority were meaningful (d>.25) and 

exhibited sizable differences in favor of the 

performance for the enVisionMATH group 

in relationship to the control group.   

 

Figure 17.  Percentile Rank of enVisionMATH 
Students Above and Below Average Relative to 
Control Students: Minorities 

 
� Results show that overall while 51.6% of 

enVisionMATH minority students scored 

above the average control student (i.e., 

they were 2 percentile points higher than 

control students after controlling for pre-

test performance), this difference is very 

small and not educationally significant. It 

is also interesting to note that differences 

among minorities in control and 

enVisionMATH schools varied by state 

with enVisionMATH students 

outperforming controls in New York and in 

Texas at the 4
th
 grade level, and control 

students outperforming enVisionMATH 

students in Arizona and in Texas at the 5
th

 

grade level.  

 

Figure 18.  Percentile Rank of enVisionMATH 
Students Above and Below Average Relative to 
Control Students: ELLs 

 
� Overall, ELL students who used 

enVisionMATH had a slightly lower 

percentile ranking than control students. 

That said, overall differences across all 

states were negligible. Examination by 

state shows that 5
th
 grade control ELLs in 

Texas showed a higher percentile ranking 

relative to enVisionMATH students. In 

constrast, ELL students in Arizona, New 

York, and 4
th
 graders in Texas 

demonstrated higher performance than 

control students. 

 

Figure 19.  Percentile Rank of enVisionMATH 
Students Above and Below Average Relative to 
Control Students: Economically Disadvantaged 
Students 

 
� Overall results showed relatively no 

difference in the performance of 

enVisionMATH students and control 

students who were economically 

disadvantaged. Examination by state 

indicates that enVisionMATH students had 

higher percentile rankings than control 
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students in NY and among 4
th
 graders in 

Texas. However, among 5
th
 graders in 

Texas, control students outperformed 

enVisionMATH students. 

 

Overall analyses across  all states  
showed no educationally meaningful  
differences between enVisionMATH 
students and students using other 

math programs. Among minorities in  
particular, results showed an overall 

positive but unimportant effect. 
Among ELL students, results  showed 
a negative but  also negligible effect 

across all states.  Finally , among 
economically disadvantaged 

students,  results showed virtually no 
effect. In sum, these results suggest  
that enVisionMATH students  who 

were minorities, ELLs, and/or 
economically disadvantaged 

performed just as well  as students 
using other math programs.  

 
RESULTS BY STATE 

New York 

 

Analyses of math scale scores in Spring 

2009 controlling for scores in Spring 2008 

(pretest) on the New York state assessment 

showed one significant difference between 

students in enVisionMATH and control 

schools. Specifically, minority students who 

used the enVisionMATH program had 

significantly higher test scores as compared 

to students using other math programs, p<.05. 

No differences were observed among ELL 

students and students who are economically 

disadvantaged, see Figure 20. 
 

Figure 20.  New York Math Performance among 
enVisionMATH and Control Schools by Subgroup 

 
� Among New York schools, minority students 

who used the enVisionMATH program had 

significantly higher test scores as compared 

to students using other math programs. No 

other significant differences were observed. 

Texas 

 

The two cohorts available from Texas 

were examined separately to determine 

whether any significant differences observed 

were consistent across both samples of 

students. For Sample A (students in 3
rd

 

grade in 2008 followed into the 4
th
 grade in 

2009), analyses of changes in TAKS math 

scale scores showed significant differences 

between students in enVisionMATH and 

control schools, p<.05. Minority, ELLs, and 

economically disadvantaged students who 

used the enVisionMATH program had 

significantly higher test scores as compared 

to students in these subgroups using other 

math programs, see Figure 21. For Sample B 

(students in 4
th
 grade in 2008 followed into 

the 5
th
 grade in 2009), opposite findings 

were observed. That is, minority, ELLs, and 

economically disadvantaged students who 

used other math programs had significantly 

higher test scores as compared to students in 

these subgroups using enVisionMATH, see 

Figure 22. Of note is that these contrasting 

findings were obtained among students 

within the same schools and in the same 
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school year, although at different grade 

levels. 
 

Figure 21.  Texas Sample A Math Performance 
among enVisionMATH and Control Schools by 
Subgroup 

 
� Fourth grade minorities, ELLs, and 

economically disadvantaged students in 

Texas who used the enVisionMATH 

program showed significantly higher levels 

of math performance as compared to 

students who used other math programs. 
 

Figure 22.  Texas Sample B Math Performance 
among enVisionMATH and Control Schools by 
Subgroup 

 
� In contrast, fifth grade minorities, ELLs, and 

economically disadvantaged students in 

Texas who used other math programs 

showed significantly greater math 

performance as compared to students who 

used enVisionMATH. 
 

 

Arizona 

 

With the caveat that sample sizes were 

small as a result of missing data, results 

showed no significant differences between 

enVisionMATH and control schools among 

minorities and English Language Learners 

as measured by the percent of students 

proficient in math, p>.05, see Figure 23. 
 

Figure 23.  Arizona Math Performance among 
enVisionMATH and Control Schools by Subgroup 

 
� No significant differences were observed 

among minorities and ELL students in 

Arizona study schools. 

 

 

ConclusionConclusionConclusionConclusion    
 

Analyses of state assessment data show 

that the enVisionMATH program is 

associated with significant increases in 

student math performance among ELLs, 

minorities, and economically disadvantaged 

students. However, when comparisons were 

made to demographically similar schools, 

overall results showed that differences 

between enVisionMATH students and 

students using other math programs were 

negligible. That is, minorities, ELLs and 

economically disadvantaged using 

enVisionMATH and other math programs 

showed similar levels of math performance. 

While effect sizes across all state data were 

very small, examination of data from each 
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state revealed that 7 of the 11 effect sizes 

(64%) obtained are positive, indicating that 

enVisionMATH students performed better 

on state assessments, while the remaining 4 

were negative. 

 

While the present study showed no 

overall effects of the enVisionMATH 

program on minorities, ELLs, and 

economically disadvantaged students as 

compared to students using other math 

programs, it should be noted that these 

results are not consistent with those obtained 

in the rigorous RCT that was recently 

completed on the enVisionMATH program. 

Results from the RCT indicated that 

elementary students using enVisionMATH 

demonstrated significantly greater 

improvement in math computation, math 

problem-solving, and math communication 

as compared to students using other math 

programs.  Furthermore, effect sizes 

obtained at the end of the 2-year study 

ranged from .25 to .46. Such effect sizes 

would be considered educationally 

meaningful in the research literature. State 

assessment data was also collected from the 

participating 5 schools and although no 

effects were statistically significant, it is 

noteworthy that 5 of the 6 effect sizes 

calculated were positive.  

 

Thus, prior research has shown stronger 

relationships in math performance among 

enVisionMATH students as compared to 

non-enVisionMATH students. Factors that 

may have influenced the lack of consistency 

in results across these studies include:  

 

1. The present study and the RCT were 

distinct in not only the methodology 

employed
19

, but also in the student 

                                                
19

 Indeed, although this study was carefully planned and baseline 

differences between schools on demographic variables were 

minimal, there are several limitations to this study. First, since it is 

not a true experiment with random assignment to conditions, there 

may still be other variables that have not been accounted for that 

population. The present study focuses on 

subgroup effects (i.e., effects on 

minorities, ELLs and economically 

disadvantaged students) whereas the 

RCT focused on overall program effects.  

2. With the exception of Texas, New York 

and Arizona samples were more limited 

in size as they constituted school-level 

data. Small sample sizes can diminish 

the detection of effects.  

 

In summary, the results of this study 

using state assessment data provides some 

support for a positive relationship between 

the enVisionMATH program and 

elementary math performance among ELLs, 

minorities, and economically disadvantaged. 

However, stronger (and more conclusive) 

findings on the overall impact of the 

enVisionMATH program have been 

obtained in prior research.  

 

 

 

                                                                       
may be producing differential effects, the most likely being local 

history effects. Second, teacher effects could not be examined.  

Research has shown that teacher quality has significant effects on 

student achievement.  Unfortunately, due to the retrospective 

nature of this study, it was not possible to gather information on 

teacher quality.  Related to this, implementation information is not 

available. Therefore, it is not known how teachers implemented 

enVisionMATH in their classrooms. Such qualitative information 

is needed to shed further light on the program’s impact. 
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Appendix A: Propensity Scoring Matching Method 
 

The following three step procedure was used to match the enVisionMATH schools to the non- 

enVisionMATH schools: 

 

Step 1. First the propensity to be an enVisionMATH school is modeled as a function of school-

level covariates. A logistic regression model is used to model the propensity to be an 

enVisionMATH school.  The predicted probability from the logistic regression serves as a 

measure of the propensity of being an enVisionMATH school, and is also used as a distance 

measure to implement the matching described below. This predicted probability serves to reduce 

the multidimensional school-level characteristics into a single number that can be used to match 

enVisionMATH and non-enVisionMATH schools.  

 

Variables included in the initial logistic regression model include: 

 

� Enrollment  

� Percent economically disadvantaged
20 

 

� Percent ELL
20

 

� Percent White 

� Percent Hispanic 

� Percent Black 

� Percent Native American 

� Percent Asian/Pacific Islander 

 

Step 2.  Matches for the treatment group were obtained from the control group using a nearest 

neighbor algorithm (Ho et al., 2005, p. 9): “Matches are chosen for each treated unit one at a 

time, and at each matching step we choose the control unit that is not yet matched but is closest 

to the treated unit on the distance measure.” 

 

Step 3. Balance was assessed through t-tests of means to examine differences in means of each 

of the measures between the enVisionMATH and non-enVisionMATH schools. Tables A1-A3 

describe the means for each of the measures in the two groups for each state. Only two 

differences were obtained in any of the measures between the matched enVisionMATH and non-

enVisionMATH schools. In NY, schools differed in the percent of White students; however, 

among the other racial/ethnic groups there were no differences observed. In AZ, schools differed 

in the percent of Native American students; however, among the other racial/ethnic groups there 

were no differences observed. 

 

 

 

 

 

 

                                                
20

 This was not available for AZ. 
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Table A1. Differences in Means between enVisionMATH and Non-enVisionMATH Schools: Texas 

 Group N Mean 
Std. 

Deviation 

Std. Error 

Mean 

Enrollment 
Control 15 743.47 200.94 51.88 

enV 15 767.40 185.32 47.85 

Percent Whites 
Control 15 8.93 17.00 4.39 

enV 15 6.03 5.46 1.41 

Percent LEP 
Control 15 49.44 13.40 3.46 

enV 15 44.27 17.33 4.47 

Percent Economically 

Disadvantaged 

Control 15 83.94 13.47 3.48 

enV 15 82.01 11.08 2.86 

Percent African 

American 

Control 15 4.29 5.76 1.49 

enV 15 7.35 11.56 2.99 

Percent Hispanic 
Control 15 85.75 18.52 4.78 

enV 15 83.58 17.47 4.51 

Percent  Native 

American 

Control 15 0.13 0.20 0.05 

enV 15 0.03 0.05 0.01 

Percent Asian/Pacific 

Islander 

Control 15 0.87 1.47 0.38 

enV 15 2.97 4.91 1.27 

Percent Special Ed. Control 15 
8.45 1.66 0.43 

enV 15 
8.93 1.55 0.40 

Note: No differences were significant at p<.05 level. 
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Table A2. Differences in Means between enVisionMATH and Non-enVisionMATH Schools:  

New York 

 Group N Mean 
Std. 

Deviation 

Std. Error 

Mean 

Enrollment 
Control 26 526.77 213.84 41.94 

enV 26 500.85 242.02 47.46 

Percent Whites 
Control 26 38.73* 26.75 5.25 

enV 26 57.42* 37.36 7.33 

Percent LEP 
Control 26 9.12 8.19 1.61 

enV 26 6.31 8.80 1.73 

Percent Economically 

Disadvantaged 

Control 26 49.27 27.97 5.48 

enV 26 49.65 26.84 5.26 

Percent African 

American 

Control 26 26.92 23.41 4.59 

enV 26 19.58 25.89 5.08 

Percent Hispanic 
Control 26 25.50 22.82 4.48 

enV 26 15.31 23.21 4.55 

Percent  Native 

American 

Control 26 0.31 0.62 0.12 

enV 26 0.54 0.76 0.15 

Percent Asian/Pacific 

Islander 

Control 26 8.19 10.65 2.09 

enV 26 6.85 11.99 2.35 

*Note: Difference significant at p<.05 level. 
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Table A3. Differences in Means between enVisionMATH and Non-enVisionMATH Schools:  

Arizona 

 Group N Mean 
Std. 

Deviation 

Std. Error 

Mean 

Enrollment 
Control 26 692.46 240.70 47.20 

enV 26 694.42 179.64 35.23 

Percent Whites 
Control 26 60.79 21.31 4.18 

enV 26 64.41 22.52 4.42 

Percent African 

American 

Control 26 2.94 2.82 0.55 

enV 26 3.79 2.18 0.43 

Percent Hispanic 
Control 26 31.63 21.39 4.19 

enV 26 27.57 22.81 4.47 

Percent  Native 

American 

Control 26 1.42* 1.54 0.30 

enV 26 0.67* 0.98 0.19 

Percent Asian/Pacific 

Islander 

Control 26 2.15 2.22 0.43 

enV 26 2.83 2.39 0.47 

*Note: Difference significant at p<.05 level. 
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Appendix B: Statistical Analyses 
 

Analysis of Effect Sizes 
 

In order to determine the average effects sizes across state assessment data, the following 

procedure was used.  

 

1. For repeated measures analysis, Cohen’s d was calculated for differences. 

2. For analysis of program effects (HLM), Hedge’s g was calculated for all differences 

observed. Hedges’s g for intervention effects estimated from HLM analyses is defined in 

a similar way to that based on student-level ANCOVA: adjusted group mean difference 

divided by unadjusted pooled within-group SD. Specifically, 

 
where γ is the HLM coefficient for the intervention’s effect, which represents the group 

mean difference adjusted for both level-1 and level-2 covariates, if any; n1 and n2 are the 

student sample sizes, and S1 and S2 are the posttest student-level SDs for the intervention 

group and the comparison group, respectively.  

3. Following Hedges and Olkin’s (1985) suggestion for a correction that produces and 

unbiased effect size estimate, effect sizes were corrected as noted in the equation below 

in which N represents the total sample size on which d is based. 

 

 
 

4. The average effect size (d+) was calculated using a weighted average based on the 

variance of these unbiased effect sizes (σ
2
 (d)). The variance of effect sizes is calculated 

using the equation 1 in which the ns refer to the sample size of two experimental groups. 

The resulting variance estimate is placed into equation 2 to obtain the weighted average 

effect size (di is the unbiased effect size for study i).  

 

 

1. 

 

 

 

 

2. 
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Results for enVisionMATH Schools/Students 
 
NEW YORK 

 

Table B1.  Repeated Measures Results for Change in Math Scale Scores–New York: Minority 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(Minorities 
only) 

2008 58 681.16 20.891 
t=-3.249 57 .002 .23 

2009 58 685.72 17.883 

Subgroup by 
Time 
Interaction 

Non-
Minority 

2008 37 683.757 19.060 

F=.193 1,93 .661 -- 
2009 37 689.216 18.427 

 
Minority 

2008 58 681.155 20.891 

2009 58 685.724 17.883 

 

Table B2. Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: New York Minorities 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(Minorities 
only) 

Spring 2007-2008 53 2.660 12.065 
-.886 52 .380 .21 

Spring 2008-2009 53 4.925 9.327 

 
 

Table B3.  Repeated Measures Results for Change in Math Scale Scores–New York: ELL 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(ELLs only) 

2008 28 658.43 16.119 
t=-3.351 27 .002 .56 

2009 28 667.57 16.322 

Subgroup by 
Time 
Interaction 

Non-ELL 
2008 59 679.678 17.130 

F=1.356 1,85 .247 -- 
2009 59 686.034 686.03 

 
ELL 

2008 28 658.429 658.43 

2009 28 667.571 667.57 

 
 

Table B4. Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: New York ELLs 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(ELLs only) 

Spring 2007-2008 24 8.708 16.775 
-.015 23 .988 .005 

Spring 2008-2009 24 8.7912 15.809 
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Table B5.  Repeated Measures Results for Change in Math Scale Scores–New York: Economically 
Disadvantaged 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(Economically 
Disadvantaged 
only) 

2008 68 674.38 17.414 

t=-4.378 67 .000 .38 
2009 68 681.19 18.641 

Subgroup by 
Time 
Interaction 

Non- Eco. 
Dis. 

2008 50 678.740 13.315 

F=.003 1,116 .960 -- 
2009 50 685.660 14.441 

 
Eco. Dis. 

2008 68 674.382 17.414 

2009 68 681.191 18.641 

 
 

Table B6.  Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: New York Economically Disadvantaged Students 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(Economically 
Disadvantaged 
only) 

Spring 2007-2008 64 6.125 15.220 

-.137 63 .891 .019 
Spring 2008-2009 64 6.500 10.611 

 
 

TEXAS SAMPLE A 

 

Note: Since data was not available for 2
nd

 grade (2007) performance as students are not tested at 

this grade level, analyses examining changes in trends in math performance from before schools 

used enVisionMATH to after they implemented the program are not possible with this sample. 
 

Table B7.  Repeated Measures Results for Change in Math Scale Scores–Texas Sample A: Minority 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(Minorities 
only) 

2008 1114 2255.54 190.220 
t=-14.535 1113 .000 .37 

2009 1114 2329.23 209.664 

Subgroup by 
Time 
Interaction 

Non-
Minority 

2008 37 2294.84 177.340 

F=.041 1,1149 .839 -- 
2009 37 2374.24 180.840 

 
Minority 

2008 1114 2255.54 190.220 

2009 1114 2329.23 209.664 
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Table B8.  Repeated Measures Results for Change in Math Scale Scores– Texas Sample A: ELL 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(ELLs only) 

2008 662 2253.48 186.707 
t=-11.848 661 .000 .40 

2009 662 2333.20 211.352 

Subgroup by 
Time 
Interaction 

Non-ELL 
2008 489 2261.29 194.182 

F=1.873 1,1149 .171 -- 
2009 489 2327.26 205.655 

 
ELL 

2008 662 2253.48 186.707 

2009 662 2333.20 211.352 

 

Table B9.  Repeated Measures Results for Change in Math Scale Scores– Texas Sample A: Economically 
Disadvantaged 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(Economically 
Disadvantaged 
only) 

2008 1026 2247.92 185.533 

t=-11.848 661 .000 .40 
2009 1026 2323.00 206.225 

Subgroup by 
Time 
Interaction 

Non- Eco. 
Dis. 

2008 125 2329.656 209.314 

F=.482 1,1149 .487 -- 
2009 125 2393.648 220.484 

 
Eco. Dis. 

2008 1026 2247.924 185.533 

2009 1026 2323.004 206.225 

 

TEXAS SAMPLE B 

 

Table B10.  Repeated Measures Results for Change in Math Scale Scores–Texas Sample B: Minority 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(Minorities 
only) 

2008 1120 2274.16 195.302 
t=-11.019 1119 .000 .26 

2009 1120 2332.18 241.675 

Subgroup by 
Time 
Interaction 

Non-
Minority 

2008 39 2292.67 185.761 

F=.101 1,1157 .750 -- 
2009 39 2341.67 230.332 

 
Minority 

2008 1120 2274.16 195.302 

2009 1120 2332.18 241.675 

 

Table B11. Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: Texas Sample B Minorities 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(Minorities 
only) 

Spring 2007-2008 1048 31.084 156.079 

t=-3.181 1047 .002 .113 
Spring 2008-2009 

1048 57.887 177.072 
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Table B12.  Repeated Measures Results for Change in Math Scale Scores– Texas Sample B: ELL 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(ELLs only) 

2008 582 2256.43 192.721 
t=-4.409 581 .000 .15 

2009 582 2288.86 239.135 

Subgroup by 
Time 
Interaction 

Non-ELL 
2008 577 2293.29 195.581 

F=25.04 1,1157 .001 -- 

2009 577 2376.53 235.425 

 
ELL 

2008 582 2256.43 192.721 

2009 582 2288.86 239.135 

 

Table B13.  Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: Texas Sample B ELLs 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(ELLs only) 

Spring 2007-2008 551 39.545 161.103 
.55 550 .58 .027 

Spring 2008-2009 551 33.105 178.327 

 

Table B14.  Repeated Measures Results for Change in Math Scale Scores– Texas Sample B: Economically 
Disadvantaged 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(Economically 
Disadvantaged 
only) 

2008 996 2261.67 190.779 

t=-9.839 995 .000 .15 
2009 996 2313.31 234.340 

Subgroup by 
Time 
Interaction 

Non- Eco. 
Dis. 

2008 163 2354.88 201.448 

F=8.642 1,1157 .003 -- 
2009 163 2449.75 250.042 

 
Eco. Dis. 

2008 996 2261.67 190.779 

2009 996 2313.31 234.340 

 

Table B15.  Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: Texas Sample B Economically Disadvantaged Students 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(Economically 
Disadvantaged 
only) 

Spring 2007-2008 932 28.593 146.319 

-2.731 931 .007 .102 
Spring 2008-2009 932 51.283 165.563 
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ARIZONA 

 

Table B16.  Repeated Measures Results for Change in Math Scale Scores– Arizona: Minority 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(Minorities 
only) 

2008 32 75.313 27.902 
t=-.299 31 .767 .06 

2009 32 76.719 22.139 

Subgroup by 
Time 
Interaction 

Non-
Minority 

2008 68 90.556 13.243 

F=.008 1,98 .929 -- 
2009 68 91.618 12.679 

 
Minority 

2008 32 75.313 27.902 

2009 32 76.719 22.139 

 

Table B17. Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: Arizona Minorities 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(Minorities 
only) 

Spring 2007-2008 24 -1.9209 23.447 

t=-.222 23 .826 .046 
Spring 2008-2009 

24 -.2085 20.366 

 

Table B18.  Repeated Measures Results for Change in Math Scale Scores– Arizona: ELL 

Variables 
  

N Mean Sd Statistic df 
Sig. 

Level 
d 

Time  
(ELLs only) 

2008 4 32.353 47.181 
t=-1.529 3 .224 .42 

2009 4 48.864 40.888 

Subgroup by 
Time 
Interaction 

Non-ELL 
2008 76 89.089 15.717 

F=4.235 1,78 .430 -- 

2009 76 89.399 13.931 

 
ELL 

2008 4 32.353 47.181 

2009 4 87.373 18.077 

 

Table B19.  Paired t-test for Differences in Patterns of Change from Period Before enVisionMATH was 
Implemented and After: Arizona ELLs 

Variables 
  

N 
Mean 
Diff. 

Sd t df 
Sig. 

Level 
d 

Time  
(ELLs only) 

Spring 2007-2008 4 -30.807 3.573 
5.291 3 .119 .00 

Spring 2008-2009 4 10.294 14.558 

 



 

Prepared by PRES Associates – An Independent Evaluation Company      40 

Results for enVisionMATH vs. Control Schools/Students 
 
NEW YORK 

 

Table B20.  HLM Results for enVisionMATH vs Control Groups: New York 

Total Outcome Measures Coefficient 
Std. 
Error 

t-ratio 
Sig. 

Level 
Hedge’s 

g 
Non-White (Minority)      

    Baseline 698.54 3.01 232.23 0.00  
    Group  11.37 3.58 3.17 0.002* 0.62 
      

English Language Learners      
    Baseline 689.83 3.73 184.98 0.00  
    Group  4.39 5.30 0.83 0.41 0.27 
      

Economically Disadvantaged      
    Baseline 697.56 3.45 202.45 0.00  
    Group  5.88 3.66 1.61 0.11 0.34 
      

*Significant at the p<.05 level. 
 
 

TEXAS SAMPLE A 

 

Table B21.  HLM Results for enVisionMATH vs Control Groups: Texas Sample A 

Total Outcome Measures Coefficient 
Std. 
Error 

t-ratio 
Sig. 

Level 
Hedge’s 

g 
Non-White (Minority)      

    Baseline 2228.48 5.96 374.12 0.00  
    Group  23.97 7.20 3.33 0.001* 0.11 
      

English Language Learners      
    Baseline 2215.36 7.72 286.79 0.00  
    Group  32.08 10.14 3.16 0.002* 0.15 
      

Economically Disadvantaged      
    Baseline 2226.86 6.08 366.54 0.00 -- 
    Group  23.39 7.55 3.10 0.002* 0.11 
      

*Significant at the p<.05 level. 
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TEXAS SAMPLE B 

 

Table B22.  HLM Results for enVisionMATH vs Control Groups: Texas Sample B 

Total Outcome Measures Coefficient 
Std. 
Error 

t-ratio 
Sig. 

Level 
Hedge’s 

g 
Non-White (Minority)      

    Baseline 2219.34 6.55 338.92 0.00 -- 
    Group  -29.47 8.22 -3.59 0.001* -0.12 
      

English Language Learners      
    Baseline 2188.57 8.55 256.07 0.00 -- 
    Group  -65.39 12.16 -5.38 0.00* -0.26 
      

Economically Disadvantaged      
    Baseline 2218.98 6.56 338.13 0.00 -- 
    Group  -34.93 7.93 -4.41 0.00* -0.14 
      

*Significant at the p<.05 level. 
 

ARIZONA 

 

Table B23.  HLM Results for enVisionMATH vs Control Groups: Arizona 

Total Outcome Measures Coefficient 
Std. 
Error 

t-ratio 
Sig. 

Level 
Hedge’s 

g 
Non-White (Minority)      

    Baseline 92.06 2.69 34.21 0.00 -- 
    Group  -7.19 4.11 -1.75 0.08 -0.38 
      

English Language Learners      
    Baseline 91.63 2.54 36.13 0.00 -- 
    Group  4.04 10.43 0.39 0.699 0.09 
      

*Significant at the p<.05 level. 
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